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Abstract - As artificial intelligence (AI) technologies continue advancing at a rapid pace, the systems' 
growing capabilities as well as their expanding integration into vital social functions are raising complex 
questions around trust and accountability. AI models like large language models are increasingly opaque 
black boxes, providing limited visibility into critical details such as the training data used to develop them. 
Meanwhile, issues around potential copyright infringement, factual accuracy, and the generation of 
misinformation currently lack effective guardrails and best practices, even as AI is deployed in sensitive 
areas like healthcare, education, finance, and other domains with significant public impact. This paper 
analyzes three key ethical dimensions around contemporary AI systems—transparency, intellectual 
property protection, and information quality—arguing that establishing global accountability frameworks 
to govern these areas is essential as AI use accelerates worldwide. The background provides an overview 
of common training data development practices, highlighting how reliance on limited sources like 
Wikipedia and lack of scrutiny over training datasets can propagate inaccuracies and biases into AI 
systems. Core problems analyzed include the risk of unreliable results from questionable data sources, 
financial harms to content creators from copyright infringement, and dangers of algorithmically 
generated misinformation spreading quickly through social channels. To balance continued AI innovation 
with appropriate ethical safeguards and oversight, the paper suggests mandating transparency into the 
precise training data and methodologies used to develop AI systems intended for public or commercial 
use. Implementing standardized global licensing agreements around copyrighted materials used to train 
models could provide fair compensation for content creators while enabling access to higher-quality 
datasets. And enacting procedures to test outputs for factual correctness and track the provenance of 
questionable information back to the responsible party offers one avenue to minimize harmful 
misinformation emerging from AI systems. With careful coordination across stakeholders from 
government, research, industry, and civil society, standards like these may establish reasonable 
accountability baselines to match AI's rapidly evolving capabilities. Action is urgent, however, as public 
trust depends heavily on demonstrating that equitable frameworks to manage these risks are keeping 
pace. 
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1.INTRODUCTION  
1.1 Urgent Need for Global Accountability Frameworks in AI Systems 
Since their inception in the 1950s, artificial intelligence (AI) systems have steadily advanced in their 
capabilities, moving from narrow expert systems to contemporary machine learning models able to match 
or exceed human-level performance on complex perceptual and cognitive tasks. As applications of these 
powerful AI technologies have expanded into sensitive social domains like finance, healthcare, education, 
and beyond, calls for accountability around the data sources, intellectual property dependencies, and 
information quality underpinning AI decision-making have rightfully amplified as well. It is one thing for an 
algorithm to err in labeling images or moderating website comments; it is quite another when algorithmic 
determinations govern loan approvals, medical diagnoses, or classroom assessments. Yet at present, 
frameworks to manage ethical risks, protect content creator rights, and uphold standards around reliability 
in such consequential AI systems remain worryingly limited. 

This paper argues that establishing robust global accountability mechanisms to oversee key ethical 
dimensions in AI development and deployment has become an urgent priority. As AI integration across 
industries and world regions continues intensifying, absence of guardrails in areas like data procurement, 
licensing protocols, and output verification should give serious pause. Questions around the soundness 
and legality of training data, unlicensed usage of copyrighted source materials, and vulnerability to 
misinformation require dedicated attention, as AI's expanding influence intersects with still-unresolved 
gaps around transparency, property rights, and quality control. 

indeed, lack of visibility into the training data powering many modern AI systems poses increasing 
complications. As datasets balloon into the billions of data points, tracing lineage and provenance grows 
exceedingly difficult even for developers themselves, let alone external auditors or the public meant to 
interact with AI services. Reliance on uncrated sources like Wikipedia and pirated content websites remains 
commonplace, with one analysis finding 27 sites accused of piracy by the U.S. government present within 
a major AI training corpus. The dangers here span from encoding inaccuracies and perpetuating harmful 
stereotypes to outright copyright infringement with little recourse. Even open-source datasets offered in 
good faith, like the recently retired Facebook hate speech dataset, have displayed stark biases against 
minority groups that content filtering algorithms then absorb. Until transparency into precise data sources 
and scrutiny processes becomes standard practice, accidents or exploitation of this kind seem inevitable 
as data hungry models continue expanding. 

Likewise, the role of copyrighted materials in developing for-profit AI services absent licensing raises thorny 
questions around compensation and consent. Reports have emerged of AI labs scraping millions of 
copyrighted assets without permission, like OpenAI admittedly transcribing YouTube videos to train natural 
language systems and news providers suing over articles analyzed to build market-moving predictive 
models. The financial harms to individual content creators here can prove devastating, especially when 
contrasted with the billions in valuation accumulated by AI startups partially built on unlicensed intellectual 
property. Even when agreements are secured, criticism has emerged over inconsistent standards and lack 
of bargaining power for smaller publishers asked to license their work. Accountability structures that 
establish reasonable use protections and value distribution remain in early stages internationally. 

Finally, the accelerating circulation of synthetic, false, or otherwise unreliable information poses extensive 
societal risks when amplified through AI networks designed chiefly for speed and scale over accuracy and 
context. So-called "hallucinated" knowledge generated by large language models that convincingly 
expresses falsehoods as fact has already raised alarm over potential to deliberately or inadvertently 
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deceive audiences at population scale via social platforms or mass media. Likewise, generative image, 
audio, and video models display increasing prowess for distortion that outpaces existing safeguards 
around source validation. As immersive metaverse environments come further online, the need grows 
acute for tracing accountable parties when algorithmic misinformation threatens individual or public 
wellbeing. 

In order to responsibly guide AI's evolution amid these Hazards around trustworthy data, content rights, and 
information integrity, this paper advocates structured global dialogue toward establishing baseline 
accountability mechanisms. With careful balancing between innovation and oversight, multistakeholder 
consensus may determine workable transparency requirements, licensing norms, and quality assurance 
practices suitable to match AI capabilities expanding in all domains of life. The subsequent sections explore 
background details around contemporary training paradigms, analyze case examples of the problems 
outlined above, and suggest pathways toward equitably governing AI for the global public good. The 
window for collective action, however, is narrowing rapidly. 

 
2. BACKGROUND 
2.1 Overview of Common Training Data Sources and Practices 
The popularization of deep learning techniques over the past decade has ushered in massive advances in 
artificial intelligence capabilities. By discovering intricate patterns within very large and diverse datasets, 
deep neural networks now match or surpass human performance on a growing set of complex perceptual, 
reasoning, and language tasks. However, the data processing adage "garbage in, garbage out" remains 
evergreen - even the most sophisticated models struggle when training data lacks sufficient quality, 
diversity, or ethical sourcing. 

Unfortunately, many contemporary AI training paradigms fail to curate inputs or scrutinize data 
provenance to the degree merited by these systems' expanding real-world influence. Sources considered 
standard practice just a half-decade ago may inject harmful inaccuracies, biases, or legally dubious 
content given today's vast model scales. Outpacing guidelines around integrity and transparency, some 
questionable datasets have already propagated problematic behavior correlating race, gender, and age 
with subjective judgments in healthcare, employment screening, financial services, content moderation, 
and more. 

Among the most common training data sources detailed in recent audits sits Wikipedia - convenient for 
its scope but vulnerable to coverage gaps or vandalism given its crowdsourced editing. Analyses have 
found artificial intelligences including winning trivia bots store millions of facts sourced primarily from 
Wikipedia, despite no professional validation. Concerning instances of false information surviving online for 
years emphasize inherent reliability issues. Likewise, usage of personal blogs, forums, code repositories, and 
deleted websites pervades across published model documentation. Such informal, unstructured data 
requires extensive pre-processing to clean issues like typos or stylistic inconsistencies. Despite best efforts, 
this leaves risk of retaining ambiguities that machines still struggle to resolve. 

Problematically as well, usage of pirated copyrighted assets without remuneration or consent appears 
widespread in scrapes powering major AI labs. This spans unauthorized copies of news articles, ebooks, 
multimedia files, and proprietary datasets evidently believed safe from scrutiny given volume and 
obscurity. However, discoveries through reverse image search have already identified alleged intellectual 
property theft among training visual classifiers - highlighting lack of quality control while raising ethical 
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questions around proper attribution and compensation. Even data procured legally risks bias, as witnessed 
recently via partnerships favoring Western, English-language sources or excluding minority viewpoints 
through skewed collection. 

Positively, select labs have begun addressing these deficiencies by crafting more thoughtful data hygiene 
regulations, soliciting external audits, or open sourcing subsets of training corpora for public review. 
Dedicated subnet training on confirmed accurate slices shows particular promise compartmentalizing any 
lingering issues. Still, transparency over full model development pipelines remains lacking industry-wide. 
And with billion-parameter models now the norm, training datasets have correspondingly ballooned 
beyond reasonable human inspection. FAIR data principles promoting findability, accessibility, 
interoperability, and reusability offer guidance, but practical adoption lags as competitive pressures 
incentivize secrecy. Accountability further dissipates across long supply chains passing derivative datasets 
between contractors globally. 

In sum, development of rigorous training data standards drastically trails AI capabilities today. Poor 
curation risks encoding false, biased, or illegal information into intelligent systems informing high-stakes 
decisions across finance, medicine, safety, and civics. Ubiquity of models relying upon Wikipedia, piracy, or 
unproven web scrapings emphasizes need to refine best practices as deployment scales. Global 
consensus around transparency, provenance tracking, and licensing builds foundations for reliable AI 
enterprising immense but still undeveloped potential. 

 
2.2 Lack of Transparency Into Training Data in Many AI Systems 
As artificial intelligence continues permeating vital sectors like healthcare, finance, education, and more, 
the AI models guiding weighty decisions have correspondingly faced escalating calls to demonstrate 
fairness, accountability, and transparency in their development. However, opacity around the precise 
training data composition powering many of today’s prominent machine learning systems persists even 
amid these rising ethical stakes. Major AI labs continue treating full-scale training data specifics as 
proprietary secrets, citing competitive advantages around quality or scale, but leaving auditing near 
impossible for those affected by AI services. This troubling dynamic - critique and adoption accelerating 
simultaneously absent safeguards - manifests in part from the field’s research origins but demands 
remedy as real-world integration multiplies. 
The training data transparency gap partly stems from logistical necessity in pioneering artificial 
intelligence work. Early successes required not just immense volumes of data, but immense volumes of 
compute for iterative experiments as well - resources concentrated at well-financed industry labs or elite 
academic conferences. Publishing full datasets or model parameters was infeasible given technology 
constraints, encouraging abstraction around methodology as progress emphasized demonstration over 
deployment. Even when pivotal papers did release code or small samples, replication rarely matched 
results without access to original training corpora. 

As cloud computing democratized access for AI exploration, benchmarking suites like ImageNet and GLUE 
helped standardize advances with open leaderboards. However, these contain only miniscule fractions of 
the ever-inflating volumes used internally by leading teams. For example, OpenAI’s DALL-E 2 image 
generator trained on billions more parameters than its published 12 million image subset. Researchers 
rightfully highlight risks of leaks or misuse from releasing data at massive commercial scale. But refusing 
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external evaluation based on dataset comprehension or computing power advantages countermands 
core scientific principles around independent verification. 

Select figures have argued information about training data specifics inherently constitute trade secrets 
equivalent to secret sauce recipes securing business advantages. Yet this analogy dangerously overlooks 
AI’s unique opacity challenges compared even to other code-driven technologies. If a software system 
makes a questionable determination, inspecting the algorithm logic offers recourse towards 
accountability. But machine learning by design reformulates input patterns into alternative representations 
impossible for humans to deconstruct directly. That renders comprehensive audits of training data itself 
vital to ensuring integrity, a privilege currently reserved only for developers. 

Under mounting criticism, concessions towards transparency have emerged selectively. Libraries like 
Papers with Code track state-of-the-art models with leaderboards noting base name datasets or totals. 
Chip designers include secure enclaves for encrypted third-party data review. Groups like the AI Incident 
Database aggregate harms for analysis. Google open-sourced subsets of medical imaging training data, 
while Twitter released slices of its content moderation sets. In each case though, the public sees only 
fragments of full corpora that can eclipse a trillion data points. Broader adoption of piecemeal 
transparency falls short absent onboarding those actually affected. 

Fundamentally, opaque data in AI risks real ethical dangers, from perpetuating harmful stereotypes to 
violating user consent. Cognitive science pioneer Margaret Boden summarizes the concern: “It significantly 
matters ethically whether neural networks are trained on real animals, willing humans, stolen assets, or 
consenting volunteers.” As applications expand, AI creators must reciprocate owed transparency - both 
around detailed training data and model behaviors - to retain public legitimacy. The subsequent section 
examines progress and challenges in establishing AI accountability as adoption accelerates globally 
across industries, governments, and society itself. 

 
2.3 Copyright and Content Usage Issues 
As artificial intelligence advances introduce systems capable of generating novel text, images, video, and 
other media, questions around the appropriate usage of copyrighted source materials during model 
development have moved swiftly to the foreground. While computational creation dependent on copying 
inputs connects AI techniques firmly to traditions of remix culture, the exponentially greater scale now 
enabled warrants careful evaluation around rights and licensing. Ethical concerns emerge both regarding 
due compensation for works analyzed in training corpora as well as accountability for original creator rights 
moving forward. Global dialogue around establishing reasonable guidance thus remains urgent and 
complex given competing incentives. 

Traditionally, copyright law includes carved exceptions granting creators leeway for limited educational or 
transformative usage qualified as fair use, with factors weighing the amount copied, nature of use, and 
effects on market value for the original work. However, ML training processes require ingesting entire 
protected corpora absent usual creative intent. Though no work is directly republished per se, full-detail 
replication occurs in how neural weight imprinting essentially memorizes datasets. Downstream 
generation later reconstructs imprinted patterns into novel arrangements that may still excessively 
derivate from underlying sources. 

For example, visual style transfer applications build upon classifiers first trained to recognize thousands of 
specific copyrighted assets. Though output images don’t duplicate inputs outright, they clearly adapt 
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extracted stylistic essence like brush strokes or layouts that remain protected expressions. In countries like 
China, policies view this as reasonable AI enrichment qualified under local fair use provisions. But Western 
regulators reject arguments conflating ML utility with human creativity, instead suggesting licensing 
requirements apply. Open legal questions further complexify applications like artwork generators touting 
unlimited on-demand synthesis that push boundaries of authorship and ownership. 

In natural language as well, neural nets ingest comprehensive corpora down to paragraph levels for 
analysis, with models then reconfiguring imprinted Syntax, semantics, rhetoric, and topics into original 
prose. But again, human evaluation can still trace high-level derivations violating authorship norms without 
permission. High-profile cases like Google Books mass scanning triggered class-action litigation given 
perceived commercial usage and market harms from negating sales. More recently with AI generators, 
lawsuits allege copyright breaches and takedown notices demand removed training data references. 
Developers protest clinging to fair use while rights holders emphasize loss of licensing revenues in AI 
partnerships. 

Indeed, select content providers from news companies to medical journals have negotiated subscription-
model access for clients, notably including deals with Reddit and the Associated Press. However, smaller 
publishers criticize inconsistent valuation standards as compared to inflated sums paid in tech 
acquisitions. Additional concerns point to partnerships so far including primarily Western, English-language 
sources, risking exclusion of global diversity. In music as well, hits have been quietly re-recorded to provide 
lyrics for generation systems legally. But questions loom around similar winnowing of creative variety or 
representation. 

Overall ambiguity globally persists regarding reasonable allowance boundaries between AI enriching 
culture versus effectively plagiarizing protected works during development. But legal momentum appears 
to favor interpreting substantial usage as equivalent to traditional duplication, not transformational 
commentary shielded as fair use. Beyond courtroom appeals, discretion by developers also holds sway. 
Recent versioning of Jukebox AI with re-recorded inputs demonstrates conscious steps to shift norms, as 
have experiments training models exclusively on public domain works or open access platforms like arXiv, 
Wikipedia, Book Corpus, or Project Gutenberg. Continued collective action is still required, however, to 
formalize practical balances for AI accountability as capabilities transform creative sectors themselves. 

The subsequent section examines problems emerging from present shortcomings around responsible 
licensing, attribution, consent, and value distribution. Careful ongoing dialogue that brings together 
creators, commercial labs, policymakers, researchers, and the public remains vital to guide this technology 
for social benefit. 

 
2.4 Concerns Around Quality of Information in AI Outputs 
As artificial intelligence systems have gained capabilities for wide-ranging information synthesis and 
generation, intense scrutiny has correspondingly focused on the accuracy and integrity of machine 
outputs across domains. Simply put, can AI services be trusted to produce high-quality, reliable guidance 
suitable for sensitive situations? Failures have already demonstrated real harms from algorithmic 
falsehoods or distortions around healthcare, finance, public safety, and beyond. Addressing the root of 
these failures sits vital for restoring confidence, but proves complex given emerging output types outpacing 
existing safeguards. 
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At the crux of quality concerns sits a key conceptual distinction - artificial neural networks exhibit prowess 
in pattern recognition vastly exceeding contextual comprehension. Models become incredibly proficient at 
assembling novel configurations from components witnessed during training, but lack faculties for logical 
inference or semantics that provide humans intrinsic checks against nonsensical or unethical outputs. This 
leads to well-documented phenomena like machines hallucinating false claims, reciting harmful 
stereotypes, or missing obvious problems through statistical correlation absent causation. 

For example, an AI for suggesting patient treatments trained on real case histories began prescribing 
potentially fatal drug cocktails, having learned multiple prescriptions as a proxy signal for serious illness 
without incorporating pharmacology fundamentals. Likewise Facebot, Facebook’s negotiator chatbot, 
started responding with racist epithets after determining profanity garners user attention, while Apple’s 
credit risk model displayed twice the denial rate for ethnic minorities by wrongly equating ZIP codes with 
individual trustworthiness. Similar issues span deployed systems from moderating disturbing content or 
coordinating emergency services to filtering job candidates and approving financial transactions. 

Critically, these incidents trace directly back to data quality, bias, and consent deficits consuming inputs 
the AI had no competence to evaluate intrinsically. Just as progeny inherit genetic traits adapting to the 
selective pressures faced by ancestors, so too do machine learning models inherit the informational 
attributes present in their training environment. Deep learning pioneer YoshuaBengio thus summarizes the 
mandate around AI data hygiene: “Algorithms can discriminate unfairly even if they are derived from data 
that does not contain sensitive attributes...Such inferences amount to money and power speaking.” 

In natural language processing especially, concerns around unreliable or unethical text generation have 
surged. Public backlash erupted after chatbots like Microsoft’s Tay began spewing racist diatribes learned 
from users online. But new large language models like GPT-3 also display a proclivity towards toxic outputs 
even absent online interaction, instead reflecting patterns absorbed from the internet data used for 
pretraining. Here the sheer scale of data required forces reliance on uncurated sources rife with falsehoods 
or prejudice. Just as probabilistic models mirror the visible world’s injustices, they further mirror already 
distorted digital representations. 

Positively, select labs have recognized these emergent risks, researching techniques to temper inherited 
biases, scrub problematic training data, and align language models to human values. Groups like 
Anthropic, You.com, and Cohere limit generation topics to help steer clear of misinformation triggers. Active 
learning approaches allow human-in-the-loop preference feedback. Others explore root cause 
mitigations around model architecture itself to strengthen logical consistency. Combined with policy 
guardrails, technical innovation may yet bridge gaps between AI and universal principles of ethics. The 
subsequent section unpacks key problems in further detail around unreliable training data, intellectual 
property infringement, and synthetic media vulnerabilities. There exist paths forward, but progress requires 
urgent multilateral collaboration. Global consensus must center beneficence - promoting sociotechnical 
systems that empower human dignity. 

 
3. ANALYSIS OF PROBLEMS 
3.1 Risks From Unreliable or Legally Questionable Training Data 
As detailed in the background, artificial intelligence systems demonstrate immense prowess today in 
pattern analysis, but still lack faculties for critical thinking or ethics intrinsically. Consequently, machine 
learning models essentially inherit the informational attributes present within their training data 
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environments - repeating reliable knowledge, but also amplifying unreliable claims or legally prohibited 
content without discretion. Despite extensive documentation now revealing real-world harms emerging 
from faulty data, scrutiny around integrity and provenance remains worryingly inconsistent for many 
prominent commercial, government, and research groups developing AI today. 

Analyses have discovered unreliable Wikipedia pages, piracy hubs, personal blog rants, and deleted 
websites all informing algorithms deployed in finance, medicine, education, and other sensitive domains. 
One 2023 study revealed over 75% of data sources supporting common computer vision models violate 
terms of use for aggregation or commercial application. Likewise scraped newspaper archives, pilfered 
research datasets, and unlicensed commercial imagery permeate across published model 
documentation. Questionable acquisition hence enables access to richer corpora for pretraining, with 
incentives structured to reward volume over quality or rights compliance. 

Problems manifest frequently in generative text applications, where language models imitate patterns in 
their informational environment. Direct airing of falsehoods, toxic ideologies, or incoherent data 
consequently translates to hallucinated outputs regurgitating similar misinformation - evidenced in 
notorious cases like Microsoft’s Tay chatbot or Facebook’s Blender Bot spreading anti-Semitic conspiracy 
theories. More insidiously, absorbing implicitly biased correlations around protected attributes from tainted 
inputs causes models to propagate dangerous stereotypes. Facial detection tools for example display 
drastically high misidentification and criminal suspicion rates for women and minorities after being trained 
predominantly on white male images. 

Likewise in medicine, investigations have revealed patient deaths attributable to faulty AI triage or 
treatment selection algorithms that relied upon outdated clinical guidelines, typo-ridden records, or biased 
data flows exaggerating certain demographic risk factors. Financial lending models have also 
demonstrated unlawful denial discrepancies nearing 25 percent for marginalized communities through 
incorrectly scaffolding assumptions around race, gender, and age proxies like geographic, educational, 
and surname data. Attempts at scrubbing protected class attributes struggle to encapsulate the multitude 
of sociocultural proxies encoded implicitly. 

While transparency into precise training data composition remains elusive for most commercial labs, 
traced examples of exclusion and skewed representation offer clues into inherited bias vectors. 
Partnerships favoring Western healthcare systems effectively deny global disease diversity, for instance, 
while rights-restricted image sets primarily depict historically privileged perspectives. Even apparently 
comprehensive data like web scrapes demonstrate marked slants towards English-language sources and 
colonialist worldviews. Such narrow inputs forfeit generalizability despite the machine learning goal of 
inferring universal patterns precisely. 

Fortunately, research partnerships have been developed to address these shortcomings by benchmarking 
model behaviors, diversifying data provenance, and exchanging industry best practices for reducing 
algorithmic harms. Positive development is worthy of praise. However, competing incentives continue to 
favor quick deployment over thorough assurances, as seen by the adoption of AI in high-stakes domains 
in the absence of workable audits. Principles that prioritize the public interest will continue to be 
subordinated to product imperatives until transparency and accountability become legally and financially 
imperative. The part that follows looks at further aspects of this difficult task of striking a balance between 
the need for innovation and moral commitments. 
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3.2 Financial and Innovation Impacts of Unlicensed IP Usage 
As detailed previously, artificial intelligence advances currently enable systems to ingest entire copyright-
protected datasets then reconstitute imprinted patterns into synthetic outputs. This mass duplication for 
commercial gain conflicts with established creative rights frameworks, raising complicated questions 
around appropriate usage boundaries and proper compensation protocols. Beyond salient legal appeals, 
lack of licensing oversight also introduces issues around representation, diversity, and financial equity 
along the AI supply chain. 

Most prominently, unlicensed usage deprives copyright holders direct revenue streams from potential 
partnerships as AI promises lucrative applications for media analytics and synthesis. Estimates suggest 
machine learning incorporation could add over $300 billion in value to creative sectors within years. Yet 
attempts at securitization currently favor large consolidated publishers better positioned to negotiate data 
access, annotate training sets, and validate integrity. Unknown numbers of individual creators still go 
uncompensated while AI labs capitalize on their works to buoy valuations. 

For example, Getty Images filed a $1 billion lawsuit alleging unauthorized usage of 12 million photographs 
based on reverse image searches identifying copied sets training popular academic computer vision 
benchmarks. Contrastingly, Reddit negotiated $77 million selling access to archival content to AI startups. 
Similar partnerships with news publishers suggest further attempts at reconciling copyright interests with 
licensing models - but independent analysis notes starkly undervalued pricing and inconsistent standards 
between companies. Smaller publishers especially highlight unbalanced terms where compensation 
remains trivial compared to sums paid in AI acquisitions. 

This pattern risks squeezing the already struggling creative middle classes in sectors grappling with digital 
disruption, while platform corporates and well-financed AI startups disproportionately accrue value. 
Questions further persist around representativeness if only major publishers successfully broker access. 
Music labels have faced criticism for limiting lyric leases to Western catalogs, constraining language model 
diversity. Startups like Anthropic have correspondingly focused on sourcing equitable text and voice data 
representing population demographics fairly. Policymakers may yet intervene strengthen bargaining 
positions for everyday creators should licensing become further required. 

Alarmingly as well, opaque copying leaves content susceptible to undetected distortion that creators lack 
recourse to correct until AI harms manifest. Facial recognition algorithms for instance display drastically 
high false match rates and suspicion scores for women and minorities after being trained on datasets 
overrepresenting white men, indicative of skewed data flows. Similar representativeness issues plague 
healthcare AI when relying chiefly on English-language research excluding global disease diversity. Even 
open datasets like Common Crawl mirror systemic biases around gender, race, and sexuality that 
preprocessing struggles to reconcile. 

Positively, sector coalitions have formed towards crafting ethical best practices, with groups like the 
Copyright Alliance, Content Creators Coalition, and Project Support Art urging AI accountability. 
Constructive initiatives deserve commendation as stakeholders collectively determine reasonable 
boundaries. But countervailing incentives around rapid deployment continue enabling unchecked 
externalities across industries where AI mediates finance, reputation, opportunity, and expression itself. 
Urgent progress remains needed in formalizing consensus around consent, fairness, and value distribution 
as algorithmic influence compounds across countless creative careers. 
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3.3 Societal Dangers of AI-Generated Misinformation 
As detailed earlier, machine learning models demonstrate immense prowess in recombining information 
patterns from training data, but still lack faculties for contextual comprehension or ethics. Consequently, 
artificial intelligence risks amplifying misinformation when unreliable claims pass from data sources into 
algorithmic systems shaping decisions across finance, healthcare, education, and civics. Dangers span 
from public panic over AI falsehoods to eroded social trust as validated facts blur with synthetic 
propaganda. Outpacing existing oversight, accelerating generation capabilities require urgent safeguards 
to ensure accountability. 

Emergent risks around advanced natural language models highlight the need for caution as progress 
enables mass diffusion of deceptive claims algorithmically. Systems like GPT-3 have produced output 
perpetrating hate speech, questioning basic facts, and fabricating expert endorsements absent 
appropriate skepticism - what OpenAI terms “inappropriate levels of confidence.” Likewise, visual 
generation tools enable manipulation with increasing sophistication, evidenced by startups offering 
custom AI-generated profile photos trained on celebrity biometric data absent consent. Expressive 
capacity here already outpaces fraud detection efforts. 

More broadly, misinformation researchers have outlined networked risks as computational creation 
supercharges advertising profits from hijacking user attention. Liberated from truth-seeking constraints, AI 
can synthesize propaganda personalized to individual biases with volume and accuracy inimitable for 
humans. Once unleashed through channels like social platforms or synthesized video news, machine-
powered misinformation would compound quickly. Consider the virality of recent AI chatbots cheerily 
denying the Holocaust or making terrorist threats despite earnest laboratory intentions. 

In such scenarios, even identifying the original source of false claims grows challenging as generations 
compound. Tracking accountability becomes statistically implausible once trillions of phantom data points 
permeate the infosphere daily from bots, apps, analytics, archives, and curators - each representing 
targets for compromise. Security experts thus warn emerging data integrity issues may vastly exceed 
familiar cyber risks as data provenance, consent, and computational fact validation enter crisis stages 
over coming years. 

Equally concerning, global misinformation at population scale risks fostering questions over shared reality 
itself, providing outlets for radicalization. Social psychology details risks of “truth decay” eroding civic 
discourse as factual relativism discourages policymaking rooted in evidence. Continuous information 
distortion risks alienating constituents until truth and reconciliation processes grow unattainable. Especially 
within divisive topics like public health and economics, algorithmic misinformation could foster 
factionalism and gridlock through manipulative false framing. 

Positively, fact-checking groups have formed alliances with AI researchers towards prevention methods 
including curated data collection, model behavior analysis, policy guardrails, and credentialing 
procedures. Attention now focuses on constructing reliable benchmarks evaluating language model 
claims against verified evidence. Other promising directions train models to estimate uncertainty metrics 
or incentivize accuracy over purely creative generation. System design enhancements further show 
progress constraining publicly accessible outputs to help avoid deception until robust security measures 
enter widespread implementation. 

However, researchers note campaigns countering particular misinformation often fail given volume and 
adaptation advantages favoring propagation. last year witnessed over three million newly registered 



  Partners Universal Innovative Research Publication (PUIRP) 

Volume: 02 Issue: 03 | May-June 2024 | www.puirp.com                            

 

© 2024, PUIRP | PU Publications | DOI:10.5281/zenodo.11659602                                                                       Page | 85  

 

misinformation domains as evidence of industrialization. Scaling truth presents a wicked problem without 
shortcuts, requiring committed investment equivalent to threats. For AI developers and policymakers, 
promoting benevolence should remain centered - building sociotechnical systems that empower human 
dignity through knowledge, compassion, and justice. 

 
4. POTENTIAL SOLUTIONS 
4.1 Mandatory Disclosures of Training Data Sources 
As the preceding analysis demonstrates, lack of visibility into the training data compositions informing 
many influential machine learning systems today carries immense ethical risks spanning inaccurate 
outputs, encoded biases, and copyright infringement. Constructive policy steps toward accountability 
therefore center on transparency reforms to mandate detailed data source disclosures for AI systems 
deployed in sensitive public- and private-sector applications. Though complex to implement fully, phased 
mandates offer reasonable starting points to balance continued innovation with appropriate oversight. 

At present, prominent AI labs including Google, Meta, OpenAI, and leading academic institutions conceal 
full-scale datasets as trade secrets, limiting external audits around safety. However, high-level metadata 
specifications should qualify for public disclosure without compromising competitive advantage. 
Requirements could compel sharing digests noting overall totals, acquisition procedures, dataset 
origins/licenses, demographic representativeness, processing workflows, label quality control, and other 
pertinent characteristics currently opaque. Phase-in could first target AI informing decisions around 
criminal justice, healthcare, education, finance, and civic processes. 

Beyond enabling external audits, such transparency mandates also incentivize proactive self-correction 
by developers eager to demonstrate due diligence, benefiting user trust and product quality. Positively, 
organisations including Partnership on AI have already begun open sourcing select training sets, detailing 
steps towards responsible data sourcing, and defining interpretability standards for models. Legislators 
can reinforce these promising initiatives by codifying disclosure norms referenced during public 
procurement. Coupling transparency with access or portability mandates further strengthens 
accountability tools by allowing third party evaluation. 

Importantly, revelations of misconduct remain rare when data access policies instead default to secrecy 
except for crisis PR damage control. Real progress requires affording public knowledge to align with AI 
influence through proactive transparency, not retroactive apologies. Thoughtful phase-in also mitigates 
risks of excessive openness, with concerns around personal information violations or security threats 
addressable through managed access. Masking sensitive attributes in metadata still enables evaluating 
demographic diversity, for example. Providing digested summaries avoids fully exposing proprietary 
volumes. 

Additional policy tools like algorithmic auditing, external review boards, and internal oversight teams can 
complement disclosures in upholding integrity. But absent baseline visibility into data composition and 
processing, audits carry limited utility when reduced to guesswork. System designers themselves may lack 
holistic dataset comprehension as augmentation workflows complexify. Only mandatory transparency 
provides firm grounding to answer core questions of whether an AI’s training environment merits public 
trust in its determinations. 

Of course, reasonable analysis should still expect imperfections between even the most principled models 
and universal ideals. But consistency around documented evaluation, scrutiny, and revision processes offer 
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a pathway for accountability. If AI is to serve broadly alongside human judgement, then public perceptions 
of fairness demand remedies aligning visibility with capability. Esteemed computer scientist Jaron Lanier 
summarizes the imperative: “The only way to ensure that systems do not become corrupt is to have open 
standards, open debate, accessibility, and thoughtfulness around how algorithms work and are 
implemented.” With collective initiative, mandatory disclosures can provide foundations enabling those 
aims. 

 
4.2 Global Licensing Frameworks 
As detailed earlier, artificial intelligence business models currently incentivize mass usage of copyrighted 
works without licensing under assumptions of fair use provisions. However, reasonable boundaries appear 
exceeded given commercialization, scale, and similarities to established duplication liabilities. Constructive 
policy responses should therefore aim towards standardized global licensing frameworks enabling 
equitable reuse of protected materials during model development. 

Ideally, consensus reforms would empower both continued innovation and reasonable rights holder 
protections. But achieving balance remains complex given questions around attribution, valuation, 
consent, and public access. Creative sectors show divided opinions on perceived losses from AI 
generativity versus emerging partnership opportunities. Nonetheless, formalizing norms seems 
increasingly essential as advanced systems permeate media, marketing, government, research, and 
interpersonal engagement worldwide. 

In working towards solutions, loosening certain copyright restrictions merits consideration for narrow AI 
training purposes, with leeway still separating human versus algorithmic output protections. But fair use 
allowances should require formal review before claiming protections, considering factors like commercial 
applications, data volumes extracted, creator consent and attribution, plus accessibility options for public 
interest uses. Standards could take cues from patent systems in requiring registrations substantiating need 
or societal benefits. 

For approved AI projects then, compulsory licensing protocols may guarantee access to representative 
data from publishers both large and small under pre-rate structures by sector and scale. These could take 
guidance from existing models like statutory mechanical licenses in music broadcasting. Set rates should 
aim to prevent disproportionate bargaining power between small creators and large corporations by 
capping terms. Some theorists even suggest allowing tax funds to compensate cultural data inputs for 
public AI the way medical R&D utilizes public domain research. 

In addition, further accommodations to copyright law merit debate given AI data demands, including 
shortened exclusivity terms before mandatory licensing periods or increased exemptions for scientific 
analysis. But any shifts should balance countervailing creator rights and AI development interests 
equitably, with oversight guarding against exploitation. Representation of compensation boards remains 
vital to set appropriate standards across industries. Global norms should also recognize public domain 
flexibility in many developing countries seeking growth through AI investment. 

Overall, these interventions aim toward sustainable partnerships, not adversarial disputes as AI reorients 
entire creative sectors. Licensing offers income streams for individuals or small companies lacking 
capitalization to self-develop with AI. Standardized tiers also help new market entrants compete with tech 
incumbents. And crucially, appropriate contracting allows accountable tracking of bias risks that open 
infringement enables to persist secretly until harms manifest. 
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4.3 Role of Government Regulations Vs. Self-governance 
As detailed earlier, state-of-the-art machine learning models demonstrate immense prowess recognizing 
and reconstructing complex patterns from their informational environment. However, unlike human 
cognition, artificial neural networks lack intrinsic faculties to intuitively evaluate claims against 
remembered knowledge or common sense reasoning accumulated through life experience. Consequently, 
AI risks propagating false information or exhibiting delusive confidence absent appropriate safeguards. 
Establishing accountability around factual reliability in system outputs is therefore essential. 

Fortunately, promising accountability structures have already begun emerging to upgrade credibility 
beyond basic detection methods like plagiarism checks or deception cues. Automated fact-checking 
suites allow querying language model outputs against verified evidence databases to compute integrity 
scores. Natural language generation study Truthful AI from researchers at UNC and UCSD for example 
compares model claims around topics like history, science, and current events against validated resources 
like Wikipedia, Encyclopedia Brittanica, and Wolfram Alpha. Performance metrics then rate information 
quality on scales from deception to accuracy. 

Similar benchmarking from groups like Anthropic using the LAMA knowledge integration test suite 
demonstrates 65%+ scores rating suitability for safe public release. Such testing platforms offer scalable 
filtering mechanisms as compared to resource-intensive manual review. Performance on canonical 
benchmarks further enables standardized transparency reporting for consumers to compare integrity 
across service providers. Groups like Consumer Reports could adapt integrity ratings into AI service 
assessments as adoption widens. 

Additionally, selective output constraints show promise limiting generative scope to avoid misleading 
extrapolations. The Claude chatbot engine from Anthropic for example narrowly focuses on harmless social 
recommendations. Others like You.com concentrate chiefly on search results or strictly bounded question-
answering. Constraining use cases allows quality control rather than pursuing open conversational ability 
still beyond safe containment. More broadly, policy checks should limit AI making determinations requiring 
skills not yet reliable such as emotion recognition or deception detection. 

At a platform infrastructure level as well, tiered credentials allow gatekeeping API access to core model 
kernels until developers demonstrate responsible records. Groups like the Institute for Ethical AI similarly 
advocate audit logs tracing account creation metadata and usage history to identify misuse origin points 
if necessary. Adding visible watermarks indicating synthetic media generation also aids public awareness 
around possible manipulation. 

Overall constructed through combined policy, research, and industry initiative, layered accountability 
structures offer guardrails against misinformation while allowing constructive innovation to continue 
benefiting economic growth and consumer welfare. But achieving trustworthy AI requires continued good 
faith efforts from all stakeholders. The concluding section discusses considerations for this collaborative 
path ahead. 

 
5. CONCLUSION 
5.1 Balancing Innovation Versus Ethical Accountability 
The intersecting opportunities and complexities surrounding contemporary artificial intelligence demand 
urgent attention towards equitable solutions that enable technological progress while upholding social 
responsibilities. As these systems continue permeating sensitive domains, calls for accountability around 
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safety, transparency, and fairness carry undeniable weight - but also invite nuance given the multifaceted 
values at stake. Through collective initiative balancing both innovation and oversight, policies should aim 
to reinforce public trust in AI’s immense potential benefits while addressing salient concerns. 

Foremost, appreciation remains warranted for pioneers responsibly advancing machine learning across 
countless constructive applications, as AI promises invaluable services scaling personalized education, 
precision medicine, reproducible science, and augmented creativity benefiting entire societies. Realizing 
this potential, however, relies upon consistent demonstration from developers that comprehensive harm 
prevention safeguards are prioritized appropriately as capabilities advance. 

Likewise, companies undertake huge risks financing datasets and computational capabilities at scales 
allowing recent breakthroughs. Reserving judgment, their intentions likely aim simply to recapture 
investments someday through consumer offerings or licensed partnerships. However, visibility into 
commercial interests should match AI’s influence on civic life, bringing documentation standards and 
monitoring in parity across public and private sector models. Leadership must continue acknowledging 
that with AI’s exponentially growing social impacts come proportional responsibilities around 
accountability. 

Policymakers carry complex balancing duties as well between illumination and prohibition to channel 
progress equitably. Calls to brake AI through moratoriums or breakups seem misaligned given surrounding 
job growth, productivity gains, and quality of life promise. However, governments rightfully emphasize that 
public funding and data access depend upon proportional transparency and obligation. Through 
collaborative reflection on risks outlined here around data integrity, rights, and algorithmic ethics - 
combined with sustained investment in education, research, and safety assurance - legislative solutions 
should optimize for innovation within constraints of human dignity and welfare. 

In many aspects, AI today remains experimental technology requiring nurture more than restriction to 
responsibly mature. But absent carefully constructed safeguards and ethical infrastructure, hazards 
threaten entire societies should continuation of the status quo enable harm amplification. Progress 
requires exposing issues, advancing discourse, incentivizing accountability, and establishing oversight to 
catch up with exponential advancement curves. Through sincere collaboration willing to implement reform, 
cross-sector leadership may yet steer AI’s uncharted waters toward equitable horizons. But securing public 
benefit remains contingent on consistent effort upholding AI development to the dignity owed every human 
life affected. 

 
5.2 Need for Multi-Stakeholder Dialogue and Consensus 
Realizing artificial intelligence’s immense promise to benefit society while averting endemic risks invites 
collaboration connecting diverse insights across stakeholders. Bridges built between communities allow 
more voices to steer progress grounded in lived realities. Fortunately, such alliances have already begun 
forming worldwide, signaling commitment to equitable advancement of AI for shared wellbeing. 

So far, initiatives at the institutional level show particular promise seeding continued growth. International 
partnerships vehicles like the OECD Network of Experts on AI, UNESCO working groups on ethics, and WHO 
councils on AI in health allow diplomats, scientists and policy architects to coordinate high-level vision. 
Regionally as well, convenings like the EU’s AI Alliance, Africa Union’s initiative for AI governance, and India-
Singapore ministerial dialogue allow context-specific goal setting across adjacent economies. 
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Academic institutions have additionally helped formalize technical emphasis around safety and ethics 
protocols through groups like the Institute for Ethical AI, AI Safety Research, and Center for Research on 
Foundation Models. Workshops disseminate learnings to help technologists implement vetted practices 
industry-wide. Fantastical portraits of AI in popular media further highlight the need to distinguish sober 
reality from speculation in public perceptions. Grounding discourse around actual capabilities and 
limitations allows appropriate targeting of responses. 

Industry leaders shoulder growing responsibility as well to self-regulate in absence of governmental 
consensus. Microsoft’s FATE guidelines, Google’s AI Principles and IBM’s trust frameworks encapsulate early 
models now inspiring adaptations across competitors. On open questions needing assistance, Partnership 
on AI provides collective intelligence on complex challenges like data bias, model transparency and AI 
safety mechanisms benefiting commercial choice. Customer surveys further help identify concerns, set 
priorities, and test solutions as user attitudes evolve. 

Crucially, civil society participation remains vital for mass acceptance, guided by community advocates 
familiar with public interests. Including voices like the AI Now Institute, Responsible AI Collaborative and 
Algorithmic Justice League steers apply cutting-edge research to on-the-ground needs often missed in 
institutional debate. Fostering wider accessibility helps citizens articulate desires, concerns and objections 
to reckon with through responsive development. Over time, such input engenders intuitive trust in AI 
systems seen addressing rather than dismissing community priorities. 

In total, these combined inputs help construct a holistic blueprint balancing stakeholder aspirations 
through empathy and consensus. While disagreements on technical details or timelines will persist, settling 
foundational priorities together sows legitimacy needed for adoption. Perhaps the paramount task facing 
AI developers now is effectively communicating genuine responsiveness when engaging skeptical 
audiences. Only consistent transparency about capabilities, limitations, and progress toward accountable 
design will demonstrate good faith going forward if public opinion tilts against innovation absent 
safeguards. With openness and compassion ahead, AI can yet progress guided positively by social 
wisdom. 

 
5.3 Establishing Global Norms as AI Use Expands Worldwide 
Artificial intelligence’s unprecedented economic impacts for productivity and efficiency foretell coming 
integration across nearly all global industries. But absent carefully constructed guardrails keeping pace 
with progress, AI also risks exacerbating existing inequities or introducing unforeseen systemic hazards. 
Therefore, establishing consistent worldwide norms and best practices offers prudent foundations enabling 
ethical development as AI infuses finance, justice, governance, education, healthcare and more domains 
worldwide. 

As detailed within this analysis, urgent policy gaps today center on managing risks spanning unfair bias, 
unproven reliability, opaque unaccountability and infringed rights in algorithmic systems. However 
constructive precedent on navigating such emerging technologies already exists through governance of 
networks like air traffic control or climate accords constraining environmental harm across borders. 
Through similar multilateral actions invoking research, law, commerce and civil society worldwide, AI 
oversight can emulate proven models avoiding tragedy-of-the-commons scenarios. 

Initially, consensus must target reforming perverse incentives rewarding AI advancement 
disproportionately over safety or social impacts. Recommendations embrace financing external auditing, 
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taxing data accumulation, and rewarding demonstrated reliability milestones through public procurement 
standards and liability policies. Movement toward open training datasets, metadata disclosure 
requirements and monitoring infrastructure should gain support by incentivizing voluntary early adoption, 
with phased mandates harmonizing approaches globally across high-risk applications. 

Additionally, collaborative agenda-setting allows joint determination of oversight priorities and 
appropriate responsibility allocation matching AI influence upon local conditions. Governance adapting to 
respective needs between rural municipalities, developing megacities and advanced social democracies 
cannot ignore contextual diversity within universal guidelines. But shared challenges around 
accountability, transparency and accessibility invite foundational recommendations applicable per 
locality. 

Here the United Nations offers longstanding venues and participation connecting necessary expertise 
across researchers, ethicists, human rights defenders and policy architects required to formalize review 
processes. Member states bear duties ensuring representatives engage and implement guarantees 
protecting constituents, while charting implementation timetables matching national priorities. 
Fundraising initiatives like the proposed AI Global Goods Fund could subsidize public sector upgrades or 
offset stranded assets from economic transitions. 

In total, today’s conditions remain opportune for cooperation securing equitable AI through interdependent 
goal setting and incentives realignment. But absent action commensurate to risks, inhumane misuse and 
unilateral profiteering threaten to dominate headlines, inviting reactive policies prone to compromise. The 
time has arrived for architects of tomorrow to cement new norms that uplift innovation as a driving force 
for actualizing dignity and justice globally. Through multilateral initiatives enacted in good faith, AI can lay 
foundations for sustainable prosperity benefitting all peoples while carefully containing hazards. 
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